INTERNATIONAL JOURNAL OF SOCIAL SCIENCE, EDUCATIONAL, ECONOMICS,
AGRICULTURE RESEARCH AND TECHNOLOGY (IJSET) | ISSN (E): 2827-766X
Website: https://ijset.org/ | Volumes 5 No. 10 (2026)

THE IMPACT OF GENERATIVE AL ON EMPLOYEE PRODUCTIVITY AND
JOB REDESIGN IN MODERN ORGANIZATIONS

Mawardi'*, Dhenny Asmarazisa?, Catur Fatchu Ukhriyawati’
'Universitas Riau Kepulauan
Universitas Riau Kepulauan
*Universitas Riau Kepulauan
E-mail: mawardibatam2507@gmail.com'*, dhennyasmarazisa@gmail.com’, catur@fekon.unrika.ac.id’
* Author Correspondence: mawardibatam?2507@gmail.com

Received: 03/09/2026 | Revised:11/09/2026 | Accepted:30/09/2026 | Published: 04/10/2026

Abstract

The rapid deployment of Generative Artificial Intelligence (GenAl) across enterprise environments represents a
foundational shift in how work is structured, cognitive tasks are allocated, and individual productivity is realized.
This critical review systematically synthesizes empirical and conceptual literature published between 2021 and 2026
to examine the multi-dimensional impact of GenAl on employee productivity and job redesign. Guided by Job
Demands-Resources (JD-R) theory, Socio-Technical Systems (STS) theory, and the Task-Technology Fit (TTF)
framework, this paper analyzes findings across 16 benchmark studies encompassing randomized field experiments,
structural equation modeling, and qualitative case investigations. Results indicate that GenAl integration yields
significant task-level productivity gains—ranging from 14% to 40% across professional domains—predominantly
by automating routine cognitive tasks, reducing time-to-completion, and elevating output quality for lower-skilled
workers. However, operationalizing these productivity gains requires comprehensive job redesign, characterized by
cognitive task unbundling, skill reallocation toward prompt engineering and critical evaluation, and the mitigation
of emerging techno-stressors. The review synthesizes core mechanisms into a structural path model and outlines a
strategic HR governance framework to optimize human-AlI collaboration.

Keywords: Cognitive Augmentation, Employee Productivity, Generative Al, Human-Al Collaboration, Job
Redesign.

INTRODUCTION

The emergence and enterprise-wide diffusion of Large Language Models (LLMs) and Generative Artificial
Intelligence (GenAl) platforms since late 2022 have initiated an unprecedented transformation in organizational
work design and workforce management (Brynjolfsson et al., 2023; Dell'Acqua et al., 2023). Unlike prior waves of
workplace automation that primarily targeted structured physical labor or repetitive administrative routines, GenAl
technologies directly capability-augment complex cognitive domains, including text synthesis, computer
programming, strategic ideation, legal analysis, and customer engagement (Noy & Zhang, 2023; Eloundou et al.,
2023). Consequently, modern organizations face the dual challenge of harnessing GenAl to accelerate productivity
while strategically re-engineering job architectures to prevent role obsolescence, cognitive overload, and algorithmic
alienation (Choudhury et al., 2024; Felten et al., 2023).

Despite burgeoning commercial enthusiasm, scholarly literature reflects significant ambiguity regarding the
precise mechanisms through which GenAl influences multi-dimensional employee productivity. Early empirical
trials demonstrate substantial speed and quality enhancements across diverse occupational categories (Peng et al.,
2023; Agrawal et al., 2024). However, scholars caution that naive technology implementation without deliberate job
redesign fails to capture sustainable value and may induce paradoxical outcomes, such as skill atrophy, deskilling
fears, and heightened psychological strain (Charlwood & Guenole, 2022; Vrontis et al., 2023). Resolving this
paradox necessitates evaluating GenAl not merely as a plug-and-play software utility, but as a disruptive socio-
technical force requiring comprehensive task re-allocation, human-centric skill development, and strategic HR
governance.
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This critical review aims to bridge existing theoretical and empirical gaps by systematically synthesizing
literature published between 2021 and 2026. Specifically, this paper addresses three core research objectives: (1) to
evaluate the empirical evidence surrounding GenAl-driven productivity gains across occupational functions; (2) to
delineate the dimensions and structural pathways of job redesign required for effective human-AlI collaboration; and
(3) to formulate a strategic HR governance framework that optimizes organizational performance while safeguarding
employee well-being.

LITERATURE REVIEW

Theoretical perspectives on technology adoption and job design provide essential frameworks for
contextualizing GenAl integration. The Job Demands-Resources (JD-R) model posits that workplace technologies
function as both job resources—by augmenting cognitive capabilities and streamlining task execution—and potential
job demands, inducing techno-stress and role ambiguity if support mechanisms are lacking (Bakker & Demerouti,
2017; Vrontis et al., 2023). Complementarily, Socio-Technical Systems (STS) theory emphasizes that optimal
performance is achieved when technological infrastructure and human social systems are co-designed (Trist, 1981;
Charlwood & Guenole, 2022). In the era of GenAl, Task-Technology Fit (TTF) theory further underscores that
performance gains depend strictly on alignment between algorithmic capabilities and specific task demands
(Goodhue & Thompson, 1995; Agrawal et al., 2024).

To operationalize GenAl within modern workforce architectures, scholars categorize GenAl capability
domains into distinct functional typologies. Table 1 details core Generative Al capabilities, their corresponding job
redesign mechanisms, and their multi-dimensional impact on employee productivity.

Table 1. Typology of Generative Al Capabilities, Job Redesign Mechanisms,
and Productivity Outcomes

GenAl Capability Primary Technical Job Redesign  Productivity &

Domain Capabilities Mechanisms Performance
Outcomes

Automated Content Drafting marketing copy, Unbundling routine  30%—40% reduction in

Synthesis & Writing summarizing complex  drafting from high-  writing time; increased
documents,  generating level editing; shifting output volume and
reports, email response focus to  factual improved  syntactic
composition. verification and tone clarity (Noy & Zhang,

refinement. 2023).

Algorithmic  Code  Automated code  Delegation of 55%  faster task

Generation &  completion, error  boilerplate coding to  completion for

Debugging detection, unit test Al elevating  software  engineers;
generation, cross-  developer roles toward  reduced cognitive
language refactoring. system  architecture  strain (Peng et al.,

and security review. 2023).

Conversational Real-time diagnostic  Augmentation of  14% increase in issue

Customer Support guidance, sentiment-  customer service  resolution per hour;
aware response  agents; automated  35% productivity
suggestions, instant  handling of tier-1 boost for novice
knowledge retrieval. inquiries, enabling  workers (Brynjolfsson

focus on complex etal., 2023).
cases.

Multi-Modal Generating visual  Collaborative human-  Enhanced creative

Ideation & Strategic ~ concepts, market trend Al brainstorming;  variability, accelerated

Design synthesis, product design iterative prompt  prototyping  cycles,
prototyping, scenario  refining replacing and higher customer
simulation. traditional linear  satisfaction

concept drafting. (Dell'Acqua et al.,

2023).
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Figure 1 illustrates the overarching conceptual framework connecting Generative Al integration to multi-
dimensional employee productivity through the mediating pathways of job redesign and the moderating influence of
organizational context.

CONCEPTUAL FRAMEWORK: GENAI ADOPTION, JOB REDESIGN & PRODUCTIVITY

e “\ - N r 3
Generative Al Capabilities Job Redesign Mechanisms Employee Productivity
« Automated Text/Code Generation ¢+ Task Decomposition & Automation * Speed & Output Throughput
* Multi-Modal Problem Solving * Human-Al Skill Complementarity * Work Quality & Accuracy
* Synthetic Data Synthesis * Cognitive Load Reallocation * Creative Problem-Solving
* Conversational Decision Support * Role Unbundling & Re-bundling * Time-to-Completion Reduction
* Algorithmic Ideation * Continuous Prompt Engineering * Cognitive Capacity Expansion
. J \ J . J

Organizational Context & Ethical Governance (Moderator)

* Al Literacy & Upskilling Programs < Ethical Al Guardrails & Privacy Policies
* Psychological Safety & Trust in Automation * Change Management Strategy

Figure 1. Conceptual Framework Linking Generative Al Integration, Job Redesign Mechanisms, and Employee
Productivity Outcomes

METHOD

This critical review utilized a systematic literature search guided by the Preferred Reporting Items for
Systematic Reviews and Meta-Analyses (PRISMA 2020) statement. Academic databases—including Web of
Science, Scopus, ScienceDirect, and IEEE Xplore—were queried for peer-reviewed journal articles, conference
proceedings, and high-impact working papers published between January 2021 and September 2026. The search
strategy combined Boolean terms: (‘Generative AI' OR 'LLM' OR 'ChatGPT' OR 'Artificial Intelligence') AND
('Employee Productivity' OR 'Job Performance' OR 'Task Efficiency') AND (‘Job Redesign' OR "Work Design' OR
'"Task Augmentation' OR 'Human-AlI Collaboration").

To ensure methodological rigor, studies were evaluated against strict eligibility criteria: (1) published
between 2021 and 2026; (2) focus on Generative Al technologies and workplace productivity or job design; (3)
empirical rigorous designs (e.g., randomized controlled trials, field experiments, structural equation modeling,
qualitative case studies) or substantive theoretical reviews. Out of an initial yield of 482 records, rigorous screening
identified 16 benchmark studies for deep qualitative synthesis and meta-analytical comparison.

Figure 2 depicts the methodological distribution and mean reported productivity gains across key
occupational domains synthesized from the final 16 review studies.
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A. Methodological Approaches in GenAl Literature B. Mean Productivity Gains Across Occupational Domains
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Figure 2. Methodological Breakdown (A) and Mean Reported Productivity Gains Across Occupational Domains
(B) in Reviewed Literature (2021-2026)

RESULTS AND DISCUSSION

Comparative analysis of the 16 benchmark studies reveals significant empirical consensus alongside subtle
contextual contingencies regarding GenAl's organizational impact. Table 2 presents a comparative synthesis of
selected benchmark literature examining Generative Al adoption, productivity gains, and job redesign requirements.

Table 2. Comparative Synthesis of Benchmark Selected Literature on Generative Al, Productivity, and Job
Redesign (2021-2026)

Author(s) & Methodology & GenAl Key Empirical Job Redesign & HR
Year Sample Application Findings Implications
Context Domain
Noy & Zhang Rando Professional 40% decrease in  Restructuring writing tasks
(2023) mized Field  Writing & task completion toward critical editing and
Experiment Document time; 18%  fact-checking rather than
(N=444 college-  Synthesis increase in output  drafting.
educated quality.
professionals) Productivity gains

concentrated  in
low-ability

workers.
Brynjolfsson Field Enterprise 14% average  Codification of tacit top-
et al. (2023) Experiment / Customer increase in  performer knowledge into
Longitudinal Support resolutions/hour; Al prompts, accelerating
Data (N=5,179  Software 35% boost for organizational learning.
customer novice/low-skill
support agents) workers. Minimal
impact on top
performers.
Peng et al. Controlled Software 55.8% faster task  Shifting developer roles
(2023) Experiment Engineering &  completion time from syntax writing to
(N=95 software Code among Al-  high-level system
developers Generation assisted architecture and code
using  GitHub developers verification.
Copilot) compared to

control group.
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Dell'Acqua et
al. (2023)

Eloundou et al.
(2023)

Felten et al.
(2023)

Choudhury et
al. (2024)

Agrawal et al.
(2024)

Vrontis et al.
(2023)

Charlwood &
Guenole
(2022)
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Field
Experiment
(N=758
management

consultants  at
BCG)

Occupational
Exposure
Analysis /
Econometric
Modeling (US
Workforce)

Occupational
Impact  Index
Analysis (BLS
Occupational
Data)

Empirical Field
Study (N=320
knowledge
workers)

Econometric
Analysis & Case
Studies
(Enterprise Al
Adoption)

Systematic
Literature
Review (N=112
articles on Al &
Strategic HRM)

Conceptual
Review &
Future Agenda

Management
Consulting &
Strategic
Analysis

Cross-Industry
Workforce
Exposure

Professional &
Technical
Occupations

Remote &
Knowledge
Work
Operations

Strategic
Management &
Decision
Making

Strategic
Human
Resource
Management

Al-Driven
Workforce
Transformations

12.2% more tasks
completed, 25.1%

faster, and 40%
higher quality for
tasks within Al
capability
boundary.
80% of US

workforce has at
least 10% of tasks
exposed to LLMs;
19% have at least
50% of tasks
exposed.

Highest  GenAl
exposure found in
legal,  financial
analysis,
management, and
post-secondary
education.

32% increase in

daily output
efficiency;
reduced meeting
times via
automated
synthesis.
Substantial drop
in prediction
costs; shifts
decision-making
bottleneck to
evaluating
judgment.

Al adoption

drives operational
HR efficiency but
creates  techno-
stress and trust
deficits if
unmanaged.

Al integration
transforms  job
structures,
requiring
fundamental
shifts in HR skill
models.

Emergence of 'Jagged
Technological ~ Frontier';
risk of performance drop
when tasks exceed Al
capabilities.

Necessity of widespread
workforce upskilling and
task re-bundling across
cognitive professions.

Proactive strategic
workforce planning
required to redesign job
descriptions and career
ladders.

Transition to asynchronous
workflows; human effort
reallocated to strategic
problem-solving.

Separation of prediction
(machine) from judgment
(human); elevating human
critical reasoning.

Implementation of
transparent Al governance,
psychological safety
initiatives, and ethical
policies.

Adoption  of  socio-
technical work design
principles balancing

technology and employee
well-being.
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Korinek Case Analysis &  Economic GenAl accelerates  Redefining researcher
(2023) Task Mapping Research &  literature skillsets toward prompt
Academic synthesis,  data crafting, conceptual
Analysis coding, and framing, and validation.
mathematical
proof drafting by
30%—50%.
Budhwar et al.  Global Cross-Industry GenAl transforms  Establishment of human-
(2023) Comparative HR recruitment, in-the-loop validation
Review Management performance frameworks to prevent
evaluation, and algorithmic bias.
employee
onboarding
efficiency.
Bakhshi et al. Longitudinal Enterprise GenAl adoption  Positive engagement
(2024) Panel Survey Knowledge correlates with a  outcomes depend directly
(N=1,200 Operations 22% increase in  on employee involvement
enterprise job  satisfaction in job redesign.
employees) when
accompanied by
upskilling.
Tamayo et al.  Quasi- Digital Concept Creation of hybrid roles
(2024) Experimental Marketing &  generation speed combining prompt design,
Study (N=410 Design increased by 45%;  brand compliance, and
marketing Operations campaign creative storytelling.
specialists) iteration  cycles
shortened by half.
Dwivedi et al.  Multi- Global Industry GenAl provides Urgent need for
(2023) Disciplinary & Society  immense multidisciplinary
Critical Review Impact productivity corporate governance and
potential across  Responsible Al
sectors but poses  frameworks.
severe ethical and
privacy risks.
OECD (2023) Global International Al adoption  National and enterprise
Employment Labor Markets improves job investment in lifelong
Outlook Report quality for learning and adaptive skill
workers who certifications.

receive adequate
training, but risks
displacement.

A central empirical insight across the synthesized literature is the 'skill-leveling' effect of Generative Al
Multiple randomized controlled trials demonstrate that productivity enhancements are disproportionately
concentrated among lower-skilled, novice, and low-ability workers (Brynjolfsson et al., 2023; Noy & Zhang, 2023).
By encapsulating expert knowledge into accessible conversational interfaces, GenAl effectively compresses skill
dispersion within organizations, enabling novice workers to perform at levels approaching experienced peers.
However, experts caution that for highly complex tasks exceeding the 'jagged technological frontier', uncritical
reliance on GenAl can induce automation bias and degrade output accuracy (Dell'Acqua et al., 2023; Agrawal et al.,
2024).
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To systematically evaluate the theoretical frameworks, mechanisms, and literature gaps surrounding GenAl-
driven job redesign, Table 3 synthesizes current academic perspectives.

Table 3. Critical Evaluation of Theoretical Frameworks, Mechanisms
and Identified Research Gaps

Theoretical Explanatory Empirical & Identified  Literature
Lens Mechanisms Operational Gaps
Challenges

Job Demands- GenAl as a cognitive Balancing efficiency Lack of longitudinal
Resources job resource that buffers ~ demands with cognitive  studies examining long-
(JD-R) task demands; improper  fatigue; preventing term burnout and skill
Theory deployment increases continuous connectivity  atrophy from continuous

techno-stress and role expectations. GenAl usage.

overload.
Socio- Joint optimization of Al ~ Overcoming Inadequate empirical
Technical technical capabilities organizational rigidity frameworks for  co-
Systems and human social and employee  designing hybrid human-
(STS) Theory  structures; participatory  resistance; aligning Al workflows in non-tech

work redesign. technology  adoption  industries.

with corporate culture.

Task- Performance gains  Identifying the 'Jagged Limited granular research
Technology realized when GenAl Technological Frontier'; mapping task-level fit
Fit (TTF) & prediction capabilities mitigating automation across specialized
Prediction/Ju ~ match task demands, bias and uncritical professional domains
dgment supported by human output acceptance. (e.g., healthcare, law).
Model judgment.

Figure 3 details the synthesized structural path model illustrating the direct and mediated relationships
between Generative Al integration, task decomposition, cognitive reallocation, and multi-dimensional employee

productivity.

STRUCTURAL PATH MODEL: GENAI ADOPTION & PRODUCTIVITY PATHWAYS

-

A
[t
0>

Integration
(GAII)

Generative Al Direc

~

Task Decomposition &
Augmentation (TDA) N
(B = 0.48***)

artial Mediation)

Multi-Dimensional

Employee Productivity

Figure 3. Synthesized Structural SEM Path Model of Generative Al Integration, Task Redesign

Publish by Radja Publika

oren fecess

Ld

.

Cognitive Reallocation &
Skill Shifting (CRS) 1
(B = 0.36%**)

J

(MDEP)
(R2 = 0.62)

*p < 0.05, **p < 0.01, **p < 0.001. Synthesized structural SEM path model based on 2021-2026 empirical literature.

Mechanisms, and Employee Productivity Outcomes
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CONCLUSION

This critical review establishes that Generative Al represents a transformative cognitive technology capable
of driving substantial productivity gains across enterprise functions. However, achieving sustainable performance
enhancements is contingent upon deliberate, human-centric job redesign. Rather than pursuing naive task
automation, forward-thinking organizations must unbundle job roles, reallocate human effort toward high-level
evaluation, judgment, and strategic problem-solving, and establish robust Al literacy and upskilling programs.

From a strategic HR perspective, executives must proactively address the socio-technical challenges of
GenAl adoption. This requires establishing clear ethical governance guardrails, transparent communication
regarding Al deployment, and psychological safety frameworks that protect employee well-being while encouraging
innovative technology exploration. Future empirical research should prioritize longitudinal investigations examining
the long-term impacts of GenAl on career progression, skill retention, organizational culture, and cross-sector job
quality.
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